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Abstract

Golosova M.V., Aulov V.A., Kotliar V.V. Architecture development of the management system for
topologies of metadata integration processes: NRC «Kurchatov Institute » — IHEP Preprint 2020-5.
— Protvino, 2020. — p. 17, figs. 5, refs.: 7.

Information integration is an ever-lasting problem in IT. It can be done on demand — manually
or in an automated way — or as a background service that prepares integrated information for further
usage. To provide integration as a service, two types of questions should be addressed: case-specific
(which data should be integrated, how to get them and how to prepare) and case-independent (how to
organize process, make it reliable and scalable, monitor its state). This paper describes a conceptual
architecture of the Metadata Integration Topology Management System (MInTMS), designed to sim-

plify the development and management of integration processes in a case-independent manner.
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[TpoGnema uHTEeTpary MHGOPMAIMK B 0071aCTH HHGOPMALIMOHHBIX TEXHOIOTHH CYIIECTBYET
y’Ke€ JOBOJIbHO AaBHO. MHTerpamusi MO>XeT OCYLIECTBIIATHCS 10 TPEOOBAHMIO IOJIb30BATENS — BPyU-
HYIO WM aBTOMAaTU3UPOBAHO — WM KaK CEPBHC, KOTOPBI B (JOHOBOM PEKHMME MOATOTABIUBACT MH-
TErpUpPOBaHHOE TPEACTaBICHUE ISl AajbHEHIEro ucroib3oBaHus. /i obecrmedeHus MHTErpanuu
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1. Introduction

Information integration is an inevitable question in the world of IT. Huge volumes
of information are already stored in and indexed by numerous different systems, ranging from
a local file with a few lines of text and to the Google index, and can be obtained via different
Uls and APIs. Today it is not infrequent that the one looking for some information has to
combine it from multiple different sources to get the desired result.

In case of a one-off search, it is fine to query all sources manually — and the more so be-
cause the results of one query may determine the next step in the chain of queries. However,
there are many use-cases when such a search scenario becomes a regular routine and its auto-
mation is a natural way to optimize the workflow, providing users with automated integration
on demand. Yet there also are some use-cases with too much information to be integrated (so
that automated search scenario cannot be executed fast enough to promptly provide users with
desired results, e.g. due to the response time of the original information resources) or too
many parametric options that cause changes in the scenario (which significantly complicate
its automation and optimization). For example, it can be monitoring of intensive operations
in large projects that handles huge volumes of different information collected and stored sepa-
rately (even if it is just a different tables of same relational database) — or business analytics
that requires fast aggregation of all available information on different levels of abstraction and
by multiple different parameters, depending on the current focus of interest. In cases like the-
se execution of the integration on demand may not be enough for effective information use.

When the integration on demand is not applicable, it can be executed in the background:
collecting and linking together all the information of interest in advance and storing it in the
most optimal way for further usage. In this case, compared to the integration on demand, there
are many new issues to be addressed by developers, one of which, of course, is where and
how the integrated information should be stored for further usage. It is to be decided for each
situation individually, for the answer heavily depends on the character of the information, its
volume and how it is supposed to be used.

Other issues, however, are more technical and do not depend on the specifics of a given
use-case. For automatic background integration, the following questions should be decided:

e how to get integrated not only the requested right now, but all the information;



e how to keep the integrated information up to date and consistent with the origi-
nal sources of information;

e how to implement integration scenarios to make them fault tolerant, prevent data
loss, avoid excessive resource usage, etc.;

e how to scale implemented scenarios (e.g. to reduce time lag between integrated
information and original sources);

e how to monitor integration scenarios execution state;

e how to minimize integration scenarios management time expenditure.

Metadata Integration Topology Management System (MInTMS) is aimed to simplify
these technical questions by providing a ready-to-use set of tools that would allow users to set
up and manage automated information integration for any use-case (after solving the case-
specific questions). This paper provides conceptual design for the system, discusses possible
technological solutions for selected components and describes system prototype, developed as

a part of the DKB project [1].

2. MInTMS: conceptual design

MInTMS is designed to operate with information in the form of metadata: textual (or
numeric) description of information object and its properties, where object is seen as an object
itself (of a material or digital world) or a process. The system supports all possible types of
original sources of information (databases, documents, spreadsheets and other types of files) —
as long as there’s a way to automate the metadata extraction from them. Likewise, the final
storage (dedicated storages for the integrated information) can also be of any type — as long as
the data load process can be automated.

Although the system is designed to simplify the development of the integration process,
it does not provide users with a high-level language to describe the integration process with,
or a predefined set of operations to be combined into a desired workflow. Instead, it provides
a framework to combine the user’s implementation of the desired data operations into a seam-
less, reliable, easily scalable and manageable integration process.

This section describes main components and concepts of the MInTMS architecture and
their functionality without references to the underlying technologies. More detailed discussion

on the components’ implementation can be found in section 3.



2.1. Overview

High-level management operations are executed by the Main Server — a component
of MInTMS providing users with an interface that allows operating with integration scenarios
as individual logical items. After a new scenario is defined, it can be enabled or disabled to
start/stop the automatic integration, reset to start integration anew or from specified point,
modified and purged to remove integrated data — or updated to apply changes to the already
integrated data without full data removal from the final storages.

To execute the integration scenario in a distributed mode, Main Server relies
on the Resource Manager. The RM distributes multiple instances of integration scenario
Builders, initialized by the Main Server, over available resources. These Builders
are responsible for instantiation of specific parts of the scenario according to the scenario con-
figuration, instructions from the Main Server and load balancing requirements. Each part of
the scenario, in its turn, is implemented within a scenario construction framework, which
takes care of execution of the user defined operations in a proper order and manages commu-

nication between the independently operating parts of the whole scenario.
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Figure 1. MInTMS main components.

2.2. Integration scenario construction framework

The integration scenario itself may be presented as data flow from sources to sinks (fi-
nal storages) shaped by the use-case defined ETL process (process of information extraction,
transformation and load) (Figure 2). As long as the MInTMS operates with metadata, data

flow is considered to contain structured information that can be represented as a series of in-



dependent information units — messages — each of which contains a description of a single
object or object’s property. Although the sources may generate a mixed flow that contains
messages in different formats and/or related to objects of different types, it would complicate
the logic of the rest of the ETL process — for each operation may depend on the type of mes-
sages and have different implementation for each type; and even the whole set of required op-
erations may vary. To avoid this complication, the data flow is assumed to be uniform, unless
before the stage that splits data flow into a number of flows according to the message types.
For different types of messages it is suggested to define different integration scenarios or add

a switch point after which the scenario branches into independent sub-scenarios.
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Figure 2. ETL process and data flow from sources to final storages. Differently shaped messages
illustrate messages of different types and/or formats.
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The shape of the data flow, switch points, scenarios of data-related operations (extrac-
tion from original sources, transformation on the way to the sinks and, finally, load to the
final storages), as well as execution rules for these scenarios — all this together makes up
a topology of the integration scenario.

Integration scenario is a main operational unit of the Main Server. It is unique for every
use-case, and its definition in terms of MInTMS is nothing else but a formalized interpretation
of the user’s understanding of what should be done to bring together information from origi-
nal sources and write it in a desired form into the final storages. Construction of this interpre-
tation (given that the analysis of the use-case — what is the information of interest, from which
sources it should be taken, what is to be the “product” of integration and how it should be
stored — is already done) takes the following steps:

e detect the main source (or sources) — source allowing extraction of new infor-

mation (added or updated after the last extraction operation); other sources



will be used as secondary ones, providing some additional information to that
extracted from the main source;

e split the whole process into (semi-)independent logical stages:

one extraction (E-) stage for each main source;

one load (L-) stage for each final storage;

one transformation (T-) stage for each additional source;

[ O I B B

additional transformation stages for:
» adjusting information representation to the final storage schema;
* introduction of surrogate keys and derived values calculation;
= splitting and joining data flows;
= format conversion;

e construct an acyclic digraph, vertices and edges of which represent, respectively,
the defined stages and flows of data between them — this is a logical scheme
of the integration scenario, defining what operations and in what order should
be performed;

e implement stages not having standard implementation (which may be presented
for data flows operations with no or low dependency on the actual content of the
flows, like flows joining and splitting) and not implemented earlier in other use-
cases;

e provide graph vertices with instructions for related stages execution (starting
instructions, schedule for E-stages, parallelization parameters, etc.).

Multiple main sources may be required in case when new information about same
or related objects is generated simultaneously by more than one source: e.g. when user inter-
acts with more than one system simultaneously, his or her actions will be logged by those sys-
tems independently — but for analytics purpose it may be useful to join these actions by
known patterns, which may be done during the integration process. It may be organized as a
scenario with a single main source as well, in which case the second system’s logs will be
used as a secondary source — but it will also mean that updates from the secondary sources
won’t reach the final storage unless there are updates in the primary one.

Another way to implement the integration scenario with multiple main sources is to

develop a set of similar scenarios, each of which has single main source and takes others as



secondary. Each scenario in this set will produce complete representation of objects marked
as new or updated in its main source; some objects may be processed more than once (if up-
dated in more than one source), but independence of scenarios in the set means that update
procedures can be distributed in time to balance resource usage.

To avoid re-processing of the same object multiple times, all main sources may be que-
ried at the same time; produced records then will be merged at the first T-stage by a specific
key, after which a set of T-stages will query main sources as secondary ones for those mes-
sages that do not contain information from a specific source. In this case resource usage will
be more localized in time, but in a single run of the scenario none of the ETL-operations will
be executed more than once for the same object.

Constructed graph contains all the information required to build the whole topology of
the scenario, start metadata integration and fill the final storages with data prepared for further
usage. In sum, the description of the scenario, provided by the user to the Main Server, con-
tains list of topology nodes (logical operations to be performed on data), types of nodes (in
terms of ETL-process: E-, T-, or L-), links between them (order in which operations should be
applied to the data flow) and information on how to execute logical operations represented by
each node (implementation and starting instructions).

Depending on the use-case the combination of nodes and corresponding operations im-
plementation varies — while the data flow management operations (messages transfer between
nodes, data extraction triggering, etc.) are more universal and can be reused in any other sce-
nario. These universal operations are turned into some kind of a topology construction
framework, where:

e topology is the instance of the integration scenario or its part consisting of a
single node or multiple connected nodes;

e topology nodes (of three types: E-, T-, L-) take care of applying operations pro-
vided by the user to data in the flow: E-node — according to the schedule, T- and
L-nodes — on demand (when there are some data in the input data flow);

e data channels are connections between nodes and topologies; they link one
node’s output to the one or multiple “downstream” nodes’ input (where the up-
and downstream nodes may or may not belong to the same topology) and guar-

antee that every message will be delivered to each node exactly once (meaning



that no data will be lost, yet at the same time no data will be processed more
than once). In some use-cases, when resulting records in the final storages do not
depend on the number of times the original message was re-processed (all the
transformations are completely independent, or stateless), the requirement of
exactly-once message delivery can be softened to “at least once”. However even
in these cases, especially if data flow is very intense, avoiding unnecessary
operations will help to reduce processing time, making integration process more
efficient;

e Integration State Sore keeps current state (information about last data
that were processed) of the E-nodes.

As for the implementation of the use-case-specific operations, provided by the user —
they take the shape of pluggable into this framework modules called workers. Workers objec-
tive is to perform user defined actions on the data in the flow on demand. Depending on the
type of the corresponding node, the action is:

e E: extract data from main source, wrap them into messages and output the result
(to be passed for further processing);

e T: process (transform) the input message and output the result in form of new
messages;

e L: upload the input messages content to the final storage.

To make the MInTMS suitable for a wide variety of users — developers and develop-
ment teams with different backgrounds and routine preferences — the way workers should be
implemented is not restricted to a specific programming language or a set of languages. The
only requirement is that workers must be provided as executables pluggable to the topology
nodes of the corresponding types — in other words, to be able to communicate with topology
nodes (also referred to as node supervisors).

Since all messages are considered to be independent, T- and L-workers need to know
only how to process a single message. However, in order to avoid additional expenses due to
the worker restarting for each message in the data flow, they also should be able to operate
with the flow of messages: start processing when there are new data at the input (or when
triggered) and go into standby mode when there’s nothing to do. Figure 3 illustrates how data

flow goes through the topology nodes in terms of supervisors and workers: E-node supervisor



triggers worker according to the ETL-process schedule and waits for messages it would gen-
erate; as soon as a message is received, supervisor sends it to the output channel and, after the
last message, goes into a standby mode until it’s time to query the source for new data. Mes-
sages produced by the E-node are delivered to the connected T-node supervisor, which sends
them to the associated worker for processing and gets back transformed messages, which, in
turn, are sent to the output channel of the T-node. After the T-node (or a chain of T-nodes) the
data finally get to the L-node; it sends messages to the worker just like any of T-nodes, but
does not expect data on the worker’s output (so technically, L-node is a T-node with empty

output).

Sink

Figure 3. Data flow in topology nodes: supervisor/worker interaction.

By design, data channels between supervisors can guarantee message delivery from
node to node; the nodes, in turn, can use this mechanism to guarantee message processing:
messages are not marked as “received” unless worker confirms successful processing (“fin”
marker in Figure 3). It makes requirements to the communication channels between supervi-
sor and worker very soft: even if some data were lost or damaged during transfer, it means
only that supervisor needs to send the same message again; and even if the operation was in-
terrupted, on the restart supervisor will skip all the properly processed messages and start over
from the first unprocessed one. Soft requirements allow usage of very simple data transfer
protocols, making workers implementation easier. It is very important, since it means that
a worker can be implemented from scratch in any programming language without special

libraries providing MInTMS functionality.



3. Apache Kafka based architecture

Two components of the MInTMS, data transfer channels between nodes and Integration
State Store, carry out very common tasks: to store and transfer data. In different situations
these tasks can be addressed in multiple different ways based on different communication
protocols and approaches to data management, and many of these solutions are already
implemented.

For connections between integration topology nodes in MInTMS authors suggest to uti-
lize a message-oriented middleware (MoM), specifically the distributed streaming platform
Apache Kafka [2]. MoMs are usually used when small amounts of data need to be exchanged
frequently [3], which is fair for data exchange between nodes of the metadata processing to-
pology: object metadata usually are light-weight (compared to the object itself), but within the
topology each message with these metadata can be transferred between nodes multiple times
— from source to sinks, through all transformation stages. A signature feature of the Apache
Kafka for which it was chosen among others is that along with reliable message delivery from
node to node it also provides a set of tools for stream processing (custom transformation of
messages), assembled in the Kafka Streams library — which can be used as a basis
for the Builder of the most branchy, “transformation” part of the scenario. Also, compared to
most of the MoMs, Apache Kafka allows delivery of single message to multiple consumers,
which significantly simplifies implementation of switch points in the topology. What’s also
important for the MInTMS is that applications based on Kafka Streams and Connect concepts
are scalable by design: if the stream of data can be divided into a number of smaller streams
and user runs multiple instances of the same application, these streams will automatically be
assigned to different instances — and rebalanced when one of the instances is stopped or a new
one added. However, the exact manner in which the stream of data from a main source should
be split into smaller streams, as well as the number of these streams, cannot be defined auto-
matically — for it depends on the stream volume and use-case requirements (e.g. limits placed
on the execution time for a single regular run of integration process, triggered once in a given
period). In other words, it is one of the parameters that can be adjusted by the user defining
the integration scenario and should be provided along with the topology description.

Figure 4 provides an overview of Kafka-based MInTMS; components of the scheme are

discussed below.
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Figure 4. Apache Kafka based architecture of MInTMS.

3.1. Topology Builders

Topology Builder is a component of MInTMS that instantiates a topology: creates
nodes and links between them according to the Main Server instructions and scenario descrip-
tion provided by the user. The simplest way to organize the whole integration process topolo-
gy management, based on the Kafka internals, is to divide it into independent parts, each con-
taining nodes of specific type (E-, T- or L-).

For transformation nodes management can be used Topology class of the Kafka
Streams library with a custom wrapper that would configure the Topology instance according
to the user’s description: create nodes and links between them, initializes State Stores for
stateful processing, etc. For extraction and load nodes, Kafka Connector may be used as a
Builder for the single-node (sub-)topologies.

Builders implemented this way are capable to operate in distributed mode by design:
each instance of a single application is registered with Katka cluster under the same ID, and
Kafka takes care of balancing data flow through the applications so that each instance gets
its own part of the whole flow. These sub-flows are mutually exclusive: every message is

delivered to exactly one instance.
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For Sink Connector (L-Builder) application, which operates with data delivered
by Kafka, maximum number of sub-flows and their content are determined by Kafka topic
partitions and is based on the consumer group concept. When a topic with application input
data is divided into a number of partitions and multiple application instances are running, all
instances make a consumer group in which each member reads messages from its own “fair
share” of partitions. If an instance dies, its partitions are re-assigned to the rest of the group;
and if a new instance is registered to the group, partitions distribution is rebalanced. If the
number of running application instances is greater than that of the input partitions, excessive
applications are starting, but stay idle until one of the operating ones dies — in which case one
of the idle ones starts to operate with the partition that previously was assigned to the crushed
instance.

Streams application (T-Builder) is much the same: partitions of the topics with input
messages determine the maximum level of parallelization of the transformation topology as a
whole. In addition, the topology can be divided into sub-topologies by introducing intermedi-
ate topics between T-nodes, which may have different number of partitions. In this case each
sub-topology instantiated within the Streams application becomes a unit of parallelization
with its own degree of parallelism. Due to this, “slow” T-nodes (that require more time for a
single record processing) can be grouped into a separate sub-topology with a higher degree of
parallelization than that of “fast” ones. In this situation, maximum number of operating (non-
idle) Streams application instances will be defined by the number of sub-topologies and their
input partitions (see Figure 5). These intermediate topics, if required, are also created by the

Main Server when the integration scenario is enabled.
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Figure 5. Transformation topology and its division into sub-topologies according to the input
and intermediate topics partitioning.

Source Connector (E-Builder), however, is much different to both Sink Connector
and Streams Application for it does not have a partitioned input from Kafka topics and has to
take care of the partitioning itself. Within the MInTMS context, E-node extracts information
from a single main source and represents it as a series of uniform independent messages. The
way this process can be parallelized is heavily dependent on the character of the information
and its source. It means that Builder, which knows nothing about this yet is responsible for the
load balancing, can only provide nodes with information about the number of instances that
will be launched and index number (ID) of the given instance. The rest — to understand how to
generate its part of messages, mutually exclusive with sets of messages produced by other in-
stances of the same E-node — is up to the worker’s implementation, to which mentioned paral-
lelization parameters are passed by the supervisor at the start time.

When the parallelization of the data extraction operations is not required, E-builder can
be used in a “singleton” mode in order to simplify the developer’s task. In this mode the
builder will initialize only one instance of the node, no matter how many instances of the
builder are launched. In this case the worker is expected to extract the full set of the required
information without any partitioning, while further data flow distribution will be defined by
the number of partitions of the Kafka topic, into which messages generated by the E-node are

written.
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Instantiated by Builders topologies of nodes are linked to each other via Kafka topics.
Single-node E-topologies pull data from associated main sources and write them to Kafka
topics; these topics are used as input by transformation topologies. Intermediate topics link
sub-topologies within the T-topologies, and output topics of T-topologies are used as input for
single-node L-topologies. This way the separate topology instances created by Builders are
combined into a seamless ETL process that scales in a very flexible manner.

All the required topics are to be created and configured by the Main Server

at the moment when the scenario defined by the user is enabled for execution.

3.2. Topology nodes
Nodes supervisors, managed by the Builders, are based on Kafka library classes:
SourceTask, Processor and SinkTask. Underlying standard classes provide supervisors with
functionality required to communicate with each other via Kafka topics (message queues) and
— for SourceTask — manage the main source offset, meaning that Kafka can provide E-nodes
with Integration State Storages as well. Supervisors, in turn, extend this out-of-the-box func-
tionality to operate with workers (external processes with user’s implementation of the ETL-
operation):
e initialize worker according to the starting instructions provided for given topol-
ogy node;
e monitor the worker’s state and keep it alive;
e forward log messages;
e communicate with the worker: trigger worker’s operations, send messages for
processing and/or receive ones with the processing results;
e handle processing status: in case of a failure initiate reprocessing according
to the reprocessing policy and, if message cannot be processed — write it to a
dedicated Kafka topic for further investigation by the system administrator
and/or to initiate the reprocessing later.
Requirements to the communication protocol between supervisor and worker are much
softer than to that between supervisors. It must provide acknowledged point-to-point data
transfer — and be as simple as possible. First requirement is essential to guarantee that

messages pulled by supervisor from Kafka topic are properly processed and the results are
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received by the supervisor, while the second is to minimize effort required for workers im-
plementation — it must be possible to easily implement the worker’s part in any programming
language even from scratch; also, the simpler the protocol — the faster messages can be
processed.

However, in some use-cases it may be useful to extend the protocol functionality, e.g. to
allow batch processing (in order to avoid querying additional sources for every message or
writing integrated information to final storages record by record). To make it possible the pro-
tocol should be extendable — which, in turn, makes it more complicated than it could be.

Due to this authors suggest to consider two possible approaches: to develop a custom
protocol with minimal service information accompanying useful data (such as that required to
distinguish one message from another) or to pick one of standard, widely used protocols like
HTTP or a more light-weight STOMP (as long as no message routing is required), extending
them with custom headers when needed. The basic version of the custom protocol may be
almost primitive, and it will allow fast development of all required ETL modules; however,
extending it to the more elaborate version for better flow control would require additional
efforts. HTTP- or STOMP-based protocols, on the contrary, can be more difficult for imple-
mentation (which can be eliminated by usage of standard or third-party libraries available

for many languages) yet more efficient in terms of functionality extension.

3.3. Resource Management

Topology Builders are designed to automatically balance the load between multiple
simultaneously running instances. It means that for deployment of multiple instances on dis-
tributed resources they can be wrapped in containers, and the Resource Manager functionality
— to run these containers on available resources — may be delegated to a special container-
orchestration system, such as Kubernetes [4]. Instead of containers, the system may also uti-
lise virtual machines approach and an appropriate VM manager; none of these possibilities,
however, were carefully considered at this point of the development and this particular ques-

tion is yet to be investigated.
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4. Real-life experience

MInTMS as an idea originally appeared in the DKB project — Data Knowledge Base for
the ATLAS experiment at the LHC [5]. The goal of this project was to provide the ATLAS
community with coherent representation of the information about scientific data, used by sci-
entists in their research. The information of interest — in which research the same data were
used, data provenance and value in terms of the resources used for their production and stor-
age, etc. — is available from multiple ATLAS information systems, but is highly separated
(since each system was developed to address specific tasks and stores only the information
required for these tasks). Although the integration of this information into a coherent view is a
primary goal of the DKB, due to the uncertainty in the list of information sources involved
and what information should be extracted from each source, as an additional requirement to
the DKB was stated that it should allow changes in the integration process and provide means
to make these changes conveniently. Also, the integration processes within the DKB had
to be scalable — since potentially there may be a need to bring together all the metadata of the
ATLAS experiment, some of which are generated as fast as half a million of new/updated
records per hour (e.g. PanDA jobs [6]).

As a part of the project a prototype of the Kafka-based integration process was devel-
oped, utilising the ideas described in the previous sections of this paper [7]. However, the de-
veloped prototype was not yet a ready-to-use and fully functional system, requiring further
development apart from the main objective of the DKB (ATLAS metadata integration). Due
to this — and for the sake of faster result — for the next task within the DKB the integration
process was implemented differently: the prototype followed the same concept of logically
independent worker nodes (and re-using the case-independent parts of the first prototype), but
in the quality of a simplified Builder a set of management tools dedicated to that specific pro-
cess was created. Although these tools can not be used as-is for any other integration process
and do not support distributed execution of the process, they are much less complicated than
the corresponding component of the MInTMS. It provided enough functionality to start oper-
ating with the integration process and organize regular metadata updates in the final storage.

Currently the integration process operating within the DKB is considered to be fully es-
tablished and stable enough for the ATLAS community to make use of the metadata provided
by the DKB in a trial mode. And at this point for the further improvement of the DKB as a
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whole (in terms of the automation of administration tasks, health monitoring and fault-
tolerance), as well as to introduce the possibility of distributed execution of the integration
scenario, it is considered to be sensible to revise the Kafka-based prototype and proceed with
its development toward the case-independent MInTMS, described in this paper. This will
provide a solid grounding for further development and also reduce time required to address

new use-cases in similar information integration tasks.

5. Conclusion

MInTMS is a system designed to assist in the orchestration of metadata integration
in different use-cases, not limiting the developers with a predefined set of supported data
sources (or source types), allowed operations on data and/or specific programming language
for custom operations. Its aim is to simplify common questions, such as process scaling or
data delivery control from the original information sources to the final storages with integrat-
ed data by encapsulating these tasks into a topology construction framework and leaving to
the user only the implementation of the case-specific data operations and the whole process
tuning.

The conceptual design of the system core, integration scenario construction framework,
can be embodied with the distributed streaming platform Apache Kafka. First steps toward
its implementation were made as a part of the DKB project (Data Knowledge Base for the
ATLAS experiment at the LHC), both in the Kaftka-based version and with simplified case-
specific set of tools. Developed prototypes demonstrated the validity and effectiveness of the
suggested approach, and the work in this direction will be continued as a part of the efforts to
improve the reliability of already operating DKB services and to be applied as a grounding for
multiple different analytical tasks in the future — such as aggregation and analysis of account-

ing information in a supercomputing centre, network usage analytics, etc.
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